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Problem Statement Results on LLaVA 1.5 7B
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upper poun ee okens out of the image encoder
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e arge num er O Image O enS ma eS 4x compression (keep 144 /576 tokens out of image encoder)
i neffici Pecpaos n4 o8 s nM on w22 2r  .p  wn 22 8 o0 o
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rlor e Or S re Ie On ralnlng- ree approaC eS! 8x compression (keep 72/576 tokens out of the image encoder)
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Vlsual representathnS at Infe rence tl me. 10x compression (keep 58/576 tokens out of the image encoder)
PruMerge(ICCV'25)  69.15 6817 125886 7140 5090  33.6 54.01 13.7 17.9 13.76 10.09 76.40 52.5 267 202
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.C.,
tokenization) beat training-free approaches? Table 1: LLaVA-1.5-7B full-parameter finetuning results using the last layer’s image fea-
e Can dynamic tokenization further improve tures. The best results are highlighted among training-free methods and training-based
performance, especially on complex tasks? methods.
Overall Performance OCR Performance
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Training Stage:
Forward:

Gumbel Sigmoid Sampling
Gradient:

Compression Ratio Loss
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TFLOP Speedup over LLaVA-1.5-7B
—e= [LaVA == PruMerge =+= PruneSID -m®- Fixed pooling =&= DRIP =-x=— Perceiver
Forward:

Qualitative Examples from TextVQA
Select top-K boundary tokens

to match the compression 4x compression 8x compression 10x compression
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Inference Stage:

[OPOJA 23engue ]

what are the first two letters of the license plate? what is the make of car? is visa accepted at this booth?

Language Instruction

What's the color of the dog?
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Fixed Pooling: "Hh" Fixed Pooling: "Mazda" DRIP: "Lexus" Fixed Pooling: "No" DRIP: "Yes"

what does the red banner say? what number can you see on the hitters jersey? how many traffic police are in the picture?

On most VQA benchmarks:
training-based > training-free

vy
& other Giant Corporations?
YES YOU DU

On complex OCR benchmarks: | s ) e
dynamic tokenization > fixed tokenization Fixed Pooling: "Yes'  DRIP: "Yes you o’ e

Fixed Pooling: "3" DRIP: "2"




